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Teachers for a New Era (TNE) longitudinalTeachers for a New Era (TNE) longitudinal

study offered opportunity to look closely atstudy offered opportunity to look closely at

stability of teacher effects estimatesstability of teacher effects estimates

Using alternative statistical modelsUsing alternative statistical models

Teaching different coursesTeaching different courses

From year to yearFrom year to year



4

Small Sample, Rich DataSmall Sample, Rich Data——

TNE Study Includes:TNE Study Includes:

STEP and non-STEP teachers ofSTEP and non-STEP teachers of
HS Math and ELAHS Math and ELA

Longitudinal data (full data for 2005-06 andLongitudinal data (full data for 2005-06 and
2006-07, as well as prior-year achievement)2006-07, as well as prior-year achievement)

Variables describingVariables describing
teacher preservice preparationteacher preservice preparation

teaching assignmentsteaching assignments

student characteristicsstudent characteristics

student outcomesstudent outcomes
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Table 1: List of Sample for Math and ELA for the VAM Analysis

881

693

789

646

714

511

Students      Grade   9

Grade 10

Grade 11

6351ELA teacher-course

combinations b

4657Math teacher-course

combinations a

2006-072005-06Academic Year

Sample

a Some teachers taught multiple courses.  There were 13 such math teachers

for year 2005-06 and 10 for year 2006-07.
b The numbers of ELA teachers who taught multiple English courses for the

two years were 16 and 15 respectively.
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Our Our ““Value-AddedValue-Added”” Models Models

OLS regressions assessing teachersOLS regressions assessing teachers’’ value- value-

added student achievement controlling for:added student achievement controlling for:

Model 1: studentsModel 1: students’’ prior achievement only prior achievement only

Model 2: prior achievement plus demographicsModel 2: prior achievement plus demographics

Model 3: prior achievement plus school (as fixedModel 3: prior achievement plus school (as fixed

effect)effect)

Model 4: prior achievement plus demographicsModel 4: prior achievement plus demographics

plus school (as fixed effect)plus school (as fixed effect)
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FindingsFindings

TeachersTeachers’’ effectiveness rankings effectiveness rankings

vary considerably, according to:vary considerably, according to:

TheThe statistical model used statistical model used

The course taughtThe course taught

The year measuredThe year measured
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% of Teachers Whose% of Teachers Whose

Effectiveness Ratings ChangeEffectiveness Ratings Change

19-41%19-41%45-63%45-63%74-93%74-93%

AcrossAcross

years*years*

39-54%39-54%54-92%54-92%85-100%85-100%

AcrossAcross

courses*courses*

0-14%0-14%12-33%12-33%56-80%56-80%

AcrossAcross

models*models*

By at leastBy at least

3 deciles3 deciles
By at leastBy at least

2 deciles2 deciles
By at leastBy at least

1 1 deciledecile

*Depending on the model
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One Extreme Case: An EnglishOne Extreme Case: An English

language arts teacherlanguage arts teacher
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Not a beginningNot a beginning

teacherteacher

WhiteWhite

Teaching English ITeaching English I

Estimate controls for:Estimate controls for:

Prior achievementPrior achievement

DemographicsDemographics

School fixed effectSchool fixed effect
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What Have We Learned?What Have We Learned?

Measures of teacher effects are not highly stable, and mayMeasures of teacher effects are not highly stable, and may

depend ondepend on

Student backgroundsStudent backgrounds

School contextsSchool contexts

Different courses (as these intersect with teacher skills and / orDifferent courses (as these intersect with teacher skills and / or

student backgrounds?)student backgrounds?)

Different years (as these represent experience, context, course, orDifferent years (as these represent experience, context, course, or

student differences?)student differences?)

More research is needed to ascertain what we are actuallyMore research is needed to ascertain what we are actually

measuring when we seek to measure a measuring when we seek to measure a ““teacher effectteacher effect””

Validity of VAM Validity of VAM teacher effect estimatesteacher effect estimates for high stakes for high stakes

inferences is not yet establishedinferences is not yet established
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Differences across Differences across ModelsModels
Differences in teachersDifferences in teachers’’ ratings across models ratings across models

are significantly correlated with theare significantly correlated with the

characteristics of their students, including:characteristics of their students, including:

Free / reduced price lunch statusFree / reduced price lunch status

English language learner statusEnglish language learner status

Race / ethnicity (proportion of AfricanRace / ethnicity (proportion of African

American, Asian, Latino students)American, Asian, Latino students)

Parent educationParent education

““On trackOn track”” status for math course taken status for math course taken
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Differences Across CoursesDifferences Across Courses

Individual teachers are rated differently whenIndividual teachers are rated differently when
teaching different classes.teaching different classes.

For most models, ratings of effectiveness forFor most models, ratings of effectiveness for
the same teacher across two courses arethe same teacher across two courses are
not significantly correlatednot significantly correlated

In 16 cases where several teachers wereIn 16 cases where several teachers were
teaching the same 2 different courses,teaching the same 2 different courses,
ANOVA (with prior test score controls) foundANOVA (with prior test score controls) found
that the course was more often a significantthat the course was more often a significant
predictor of student achievement (11 cases)predictor of student achievement (11 cases)
than the teacher (3 cases).than the teacher (3 cases).
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Differences Across YearsDifferences Across Years

While correlations of teacher ratings wereWhile correlations of teacher ratings were

significantly correlated across years (r = .3significantly correlated across years (r = .3

to .4 across models in ELA and .4 to .6 into .4 across models in ELA and .4 to .6 in

math), there were still noticeable changes inmath), there were still noticeable changes in

teachers teachers ““effectivenesseffectiveness”” scores from one scores from one

year to the next.year to the next.
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Thank you


